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Category Frequency Meaning of Category
A 1453 *non-predictive adjective*
Na 34372 *common nonn*
Nb 14813 *proper noun*
Ne 9688 *location noun®
Nd 2264 *time noun*
VA 6466 *active intransitive verb*
Ve 8462 *active transitive verb®
vCL 811 *active transitive verb with locative object*
vD 448 *ditransitive verb®
VE 1051 *active transitive verb with sentential object®/
VG 996 *classificatory verb*
VH 10492 *stative intransitive verb*
VHC 498 *stative causative verb*/
VI 1471 *stative transitive verb*
total: 93,285
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