


15%



Nowadays, people are eager to get new information. People can't easily and
efficiently find out the wanted information among such huge data. So, we have to
classify the documents and then users can efficiently search these documents in the
category they belong. Traditionally, by understanding the document experts assign
specific categories to that document. However, it costs a lot of resources and has no
economic benefits. So, we need an automatic text classifier to heap classification
process. Automatic text categorization is the task of assigning predefined categories to
free text documents.

In text classification, there are dways two important steps. The first step is
features selection, and the second one is relevance function selection. Here we
propose two techniques to improve the precison of classification by using
co-occurrence terms and by considering the positions which bigram occurs. Moreover,
this research also provides some other different features selection methods as the
contrast for the experiment, including single terms features, bigram features,
segmentation features and the position which segmentation occurs.

The experimental result shows that the strategy which uses the co-occurrences as
features did perform relatively well. Comparing with using pure bigram, there is about
15% improvement of the performance in average. Besides, the experiment also proves
our observation of the texts, that is, bigram is more representative than single terms.
In the next place the positions of the key words have quite positive relation to

importance.

Keywords: text classification, text categorization, co-occurrence, statistical processing,

NEews COorpus.
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