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Fig.7. Accuracy (mean and standard deviation) for all classifiers learned from So, S3, S4 and Se
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Fig. 8. Accuracy curves for BK; (left) and BK> (right) on datasets learned from S2, S3, S4 and
Se
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Fig. 9. Accuracy with Aleph and BK function of noise parameter
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Fig. 10. Model complexity (number of nodes and rules) given different background knowledges
and datasets



